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DNA with DNA Digested accordance with cell types (Panel A). Each cluster has .72 x 10° paired-end reads on average, and correlating with the four A549 samples based on gene expression profile using the Cogent™ Discovery Software and Analysis Pipeline standard pipeline (KO, KO_T,

0 : Monopogen pseudo-bulk SNV analysis (Dou et al. 2024) was run to call germline variants at cluster level and

unwanted proteins/ outative somatic variants at single-cell level. ~1.4-1.8 x 10° germline variants and ~1-2 x 10° putative somatic WT, WT_T). Panel B. Dot plot showing expression levels of the top 10 differentially expressed protein-coding genes that were identified between KO and WT samples.
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Detect more splice junctions with full gene-body coverage

Figure 1. Shasta WGA workflow. Hoechst-stained single cells are dispensed into a 5,184-nanowell chip and screened by imaging. Reagents are deposited into
nanowells in equal-volume dispenses: a DNA extraction mix, a pre-amplification mix of quasi-random primers, a PCR mix, and two indexing primer dispenses. The
pooled barcoded libraries are ready for lllumina® sequencing after off-chip purification.
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was used as the pipeline for CNV variation calling, and the average
bin size for segmentation was 1 Mb. As shown in the heatmap, the
majority of the single cells from either tumors or the normal adjacent
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Total RNA Seq workflow. Violin plots show the number of genes (Panel A) and transcripts (Panel B) identified at 100,000 reads per cell. Sato, Y. et al. Integrated molecular analysis of clear-cell renal cell carcinoma. Nature Genetics 45, 860-7 (2013).
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